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hourly peak in the work of Engle et al | ?



of A ering frequencies used to approximate a given functio






As most of the regressors in? \} are dependent on the time being forecasted predictions based on this
model are simple to produce Because the short run model includes indicator variables fo? 008 00 _a
base year for predictions is necessary The year variable must be within the sample period but the other
calendar variables should re ¢ the actual year of the forecast to accurately represent when holidays and
weekends occur  Once a given time frame is decided pertinen






Because the diurnal load data used to estimate the short term diurnal model represents only a small
subset of all commercial and industrial customers in each of the four states the diurnal load pro jes generated
by modeP )} are scaled to represent aggregate statewide consumption This is done by comparing the total
quantity demand i 0Q in the short run data sets to aggregate statewide consumption reported by the
EIA If we let Ay denote aggregate annual statewide consumption and Q¢ the hourly consumption of the
customer subset in the diurnal data the scaling factor for the year is given by

y — 7Ay
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For instance the hourly quantity demand by the subset of commercial and industrial customers in Ohio in






2200

2000

1800

1600

1400

1200

1000

800 —

.
Jan Feb Mar Apr May Jun Jul Aug Sep Oct Nov Dec



450 T T
X Actual

Predicted &
400 x A

350} X - |
300} 1
250} 9 .

200} o x 1

Gross State Product [$ billion]

150 x O .

100 . . . . . . . . .
1990 1992 1994 1996 1998 2000 2002 2004 2006 2008
Year

Figure ¥ Actual and predicted values of gross state product in Virginia for the years !;‘\;‘ 2 ()(% _R%2= (Az‘? 6

Tabl ,,,\ Regression estimates for short term models in equations % and?\} for Michigan Regression R?’s
are 06 2and Q T;: 2respectively Model % has a D iﬁ:catistic of * 0.

Equation % Equation? )
Variable Coe gpient  tvalue  Coe gpient  t value
Constant 0y e 0 0w )
HD 0 0 2% aodz ‘0%
CD 02 0 00 7 0 Go
HD?2 0 000 0 22y 0000 a2 -
CD? 000 2 “ 20 0 00 0 006




Table 3 Regression estimates for short term models in equations \% and?(} for Ohio Regression R?'s are
0 9;‘ and O _p22respectively Model % has a D ﬁsﬁatistic of *° 9y



Table } Regrgssion estimates for short term models in equations ,‘*ﬂ and? )} for Texas Regression R?'s are
0 6 2and 0 70 _respectively Model % has a D matistic of * 6

Eqygation % Equation? |}

Variable Coe gpient  t value Coe gpient  t value
Constant 2 g 2720 2% 2 0G%00
HD ()0,(’)7 7y 00T 00 22
CD 000 0% 0 0 004y
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5.
Tablg, \ Regression estimates for short term models in equations % and? )} for Virginia Regression R?'s
are 0 _pyand 027 6 _respectively Model (% has a D iﬁ:catistic of 2 2

Equation % Equation? b
Variable Coe gpient  tvalue  Coe gent t value
Constant 0T 270 0" 2 0°00
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Month 2 009 * 40 02 © 00"
Month 00"y 0 iy‘ 00y 2 y
Y2006 0 G5 600 00y 00T
Y2007 00 7 C 40 00%0 000y
Y2008 00"y 0 % 000 2 0 00"
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Table 6\ MAPE of models
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