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This study is part of our research on understanding social media users’ motivations in sharing news 
articles, with a focus on spreading misinformation. In this work, we focus on analyzing how the tweet 
narratives are conceived. We developed a coding scheme to qualitatively characterize the narrative 
patterns that are used to indicate how Twitter actively constructs the narratives to deliver what they would 
like to speak in messages. We uncovered that such agency is associated with the credibility of the news 
sources. Twitter authors citing low credible sources engaged the most in incorporating the news articles 
word by word, simply letting the title speak for them and promoting the original highlights in the article 
titles. In contrast, tweets citing the more reliable source engage diverse narrative tactics including 
quotations, paraphrases, together with personal expressions and comments beyond the topics and views 
of the cited articles. Our findings suggest Twitter users who cited low credible sources with high chance of 
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To answer Q2, we examined the distributions of the narrative patterns observed in tweets that 
cited news articles from different levels of credibility. Table 2 shows the statistics. We highlight 
two observations: 
 
1) �7ZHHWV�FLWLQJ�WKH�DUWLFOHV�IURP�WKH�OHDVW�UHOLDEOH�QHZV�GRPDLQV��5����WHQG�WR� leverage 
the exact article title while adding short additional personal comments (e.g., “great read!”, 
emojis) or tactics (e.g., @mention, #hashtags) to promote its spreading. 50% of analyzed 
R1-tweets quote the title with promotion messages, while only 11.8%, 14.9%, and 10.3% in R2-, 
R3-, R4. These Twitter users mostly �OHW�WKH�DUWLFOH�WLWOHV�WKHPVHOYHV�VSHDN�IRU�WKH�PDMRU�
PHVVDJHV�WR�EH�GHOLYHUHG�LQ�WKHLU�WZHHWV���Or, they mostly relied on the article titles to 
construct their tweets. 
2) �7ZHHWV�FLWLQJ�WKH�PRUH�UHOLDEOH�GRPDLQ�VRXUFHV��5���DQG�5�����are more likely to include 
information from the article content that is beyond the article title. 11.3%, 12.0%, 3.6%, and 
4.4% in R4, R3, R2, and R1, respectfully, when combined with the results from codes 6 and 7.  
 
The results suggest that the transmitters may �HQJDJH�LQ�GHHSHU�FRQVXPSWLRQ�DQG�VKDULQJ�RI�
WKH�LQIRUPDWLRQ�VRXUFH��since they must have read the articles and further highlighted and 
incorporated their own choice of selected content from the articles in their constructed tweets.  
 
Table 2. Percentages of tweets across News Domains with Distinct Credibility Levels.  

(Codes refer to the codes in Table 1) 
 
To answer Q3, We further identify the level of agencies from the eight narrative patterns, and 
regrouped them into five levels. Table 3 shows the details and the distributions of tweets across 
news domains falling into these agency levels. These five levels range from the lowest agency 
(A1: the tweets simply quote the article titles word by word or copying the hyperlink of the 
articles) to middle agency (A3: paraphrase the article title or content), and to highest agency 
(A5: the tweet message goes beyond spreading the article information but comment or reflect 
on it). 
 
We observed that �WZHHWV�FLWLQJ�PRVW�UHOLDEOH�VRXUFHV�HQJDJH�PRUH�GLYHUVH�ZD\V�RI�
PHVVDJH�FRQVWUXFWLRQ�WKDW�UDQJHV�IURP�KLJK�WR�ORZ�DJHQF\�OHYHOV�HYHQO\�. In contrast, 
WZHHWV�FLWLQJ�WKH�OHDVW�UHOLDEOH�VRXUFHV�LQGLFDWHG�WKH�ORZHVW�DJHQF\�OHYHOV�. Specifically, for 
R4, from low to medium, and to high agency levels, there are about one-third of tweets at each 
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5�� 0.0% 11.1% 50.0% 4.4% 18.9% 2.2% 2.2% 11.1% 

5�� 0.0% 38.8% 11.8% 2.4% 8.2% 2.4% 1.2% 35.3% 

5�� 3.0% 16.4% 14.9% 4.5% 13.4% 6.0% 6.0% 35.8% 

5�� 6.2% 22.7% 10.3% 3.1% 15.5% 3.1% 8.2% 30.9% 
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